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AI-ASSISTED ASSET ALLOCATION FOR 2026 
ADVANTAGES, LIMITATIONS, AND STYLIZED CONSENSUS SCENARIOS 

 

 

AI can contribute major parts to developing an asset allocation strategy, but:  
> What are AI strengths and where must human pilots be assertive to avoid AI pitfalls? 
> How is the consensus portfolio evolving for 2026 and what is driving major changes?  
> Which global risk factors are becoming material and how can AI avoid blind spots? 
 
The Magnificent Seven are driving AI and account for 35% of the US equity market or 
$21 trillion which is more than European and Japanese equity markets combined 
(previous article). Leading large language models (Google, OpenAi, Anthropic) now 
outperform PhD level benchmarks. Half of the financial services industry is actually 
deploying AI and three out of four asset managers say AI is critical for their business. 
 
We assign three structured tasks to AI models: develop an asset allocation strategy for 
2026, synthesize a market consensus portfolio, and identify major global risk factors. 
We recognize remarkable powers of the AI engine and categorize its major strengths, 
having compared ten leading global large language models (LLMs, simple form of AI). 
We identify weaknesses and pitfalls, where AI must be controlled by human pilots. 
That creates a safer balance, employing AI velocity guided by human wisdom. 
 
Here are our key insights as illustrated in chart 1: the AI engine is truly impressive 
in a world of comprehensive quality data, but human pilots must set assumptions 
and limits to avoid regulatory breaches, mitigate inherent bias, and limit tail risks. 
 

EM LEADERS: AI ENGINE WITH HUMAN PILOT 

ASSET ALLOCATION FOR 2026 

<1> AI excels in deep research and data synthesis, but is weak on ethics and tail risk 
<2> AI models project 2026 returns below 10% and rising volatility favoring gold 
<3> US policy aggravates asset bubbles, dollar weakness, and geopolitical risks 

https://www.emleaders.com/pdf/eml-technology.pdf
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AI velocity is earning “A” grades for five stylized categories: deep research, data 
synthesis, analytics and patterns, scenario analysis, and portfolio optimization: For 
example, AI can research 20 most recent institutional SPX earnings forecasts and end-
2026 target levels, produce weighted and smart forecasts, include sentiment levels 
from earnings calls, and benchmark risk and returns against historic levels. AI models 
imply a consensus end-2026 SPX level of 7,600, about 10% nominal returns, well below 
historical averages given currently elevated valuations. High data quality materially 
reduces hallucination and supports institutional adoption. Blackrock’s AI integrated 
Alladin platform oversees $21 trn of assets and generates 1 million daily risk reports. 
 
AI models excel in global data synthesis, for example aggregating earnings forecasts 
and international equity targets across major global markets. Forecasts combine LLMs 
with newer transformers (intertemporal dynamics) and RAG models (augmented 
internal data). These AI models suggest cooling international equity markets with 
projected 7% returns in 2026 given headwinds from slow growth in Europe and Japan. 
AI models are strong on pattern recognition and data analysis across huge global data 
using advanced long short-term memory (LSTM) models that can analyze 50+ macro 
variables across 20+ international markets. AI models imply best 2026 equity returns 
in China, Korea and Brazil and weaker returns in India and Taiwan (highest multiples) 
with models pointing to 12% gains in EM, again exceeding US equity returns. Amundi is 
overall constructive on emerging markets, using one of the most sophisticated AI 
systems with advanced transformer models and internal Alto studio software tools. 
 
Scenario analysis is more challenging, yet technically more powerful with so-called 
generative adversarial networks (GAN) integrating synthetic stress scenarios. For 
example, JP Morgan and others running GAN models to generate synthetic stress 
scenarios that augment volatility and tail-risk analysis, identify gold as best diversifier 
with attractive risk-adjusted returns, especially when volatility in 2026 is expected to 
increase to elevated levels. However, historical anchoring remains problematic, as 
new risks can alter future correlations. Portfolio optimization is highly dependent on 
assumptions and return forecasts, but modern reinforcement learning portfolios, the 
basis for NVIDIA’s open-source cuOpt engine, can accelerate optimization by a factor 
of 160x. As a shortcut, LLM models can summarize optimized portfolios given a 
limited set of underlying parameters. Our AI consensus research develops a 60:40 
asset allocation with an expected 9% return for 2026, which is conservative but well 
aligned to longer-term historic data. 
 
Human piloting is especially critical in five categories where AI exhibits pitfalls: 
assumptions, regulatory constraints, ethical bias, tail risks, and setting limits. These 
areas can lead to material failures of AI models unless being closely supervised. For 
example, regime changes can be prompted by new policies but are invisible to AI 
models based on historic data, hence assumptions need to be explicitly stated. 
Fiduciary duties cannot be delegated to AI models, and regulatory compliance (eg SR 
11-7) requires audit trails, written risk procedures, and full disclosure. Moreover, AI 
models can exhibit structural bias, pleasing clients, or policy bias, pleasing regulators, 
requiring careful ethics reviews. Data scarcity, especially in new illiquid assets, 
requires prudence on hallucination and explicit tail risk procedures and overrides. 
Limits need to be constantly reassessed as regulations and investment policies evolve. 
The human pilot hence needs to design, steer, monitor, and control the AI engine. 
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The AI engine can be hugely beneficial in developing an asset allocation strategy. The 
engine first collects economic and market forecasts, data on credit spreads, earnings 
estimates and sentiments, and asset class returns predicted by institutional investors. 
Then the engine optimizes allocations for risk-adjusted returns in the consensus view. 
Finally, the engine builds scenarios on which historical data are available, calculates 
respective asset class returns, and adjusts allocations depending on risk appetite.  
 
Intuitively, AI models emphasize momentum and historical trends but also include risk 
scenarios. They start from a framework of 60% equities plus 40% fixed income, then 
refine buckets with alternatives, and identify most promising investments from a 
consensus view, although both bullish and bearish clusters have been incorporated. 
Results from an illustrative AI-derived consensus scenario are shown in chart 2. 
 
<1> Consensus US equity forecasts project 10% gains for 2026 and SPX targets of 7,600 
as expressed by JP Morgan, Goldman, UBS, and Wells Fargo. This is well below the 
21% three-year-average return, as valuations are extended and volatility is expected 
to increase. The bullish cluster has returns near 15% as expressed by Morgan Stanley, 
Deutsche Bank, and Oppenheimer, whereas the bearish cluster forecasts below 3% SPX 
returns in 2026 as expressed by BofA, Amundi, and Research Associates. AI models 
significantly scaled down US equity allocations to 18%, plus about 20% in alternatives. 
 
<2> Most forecasters expect further dollar weakening into 2026 with DXY declining to 
94, as expressed by Morgan Stanley, implying a 3% downside in addition to the 10% 
devaluation during 2025. Accordingly, EM equities are expected to outperform, as 
expressed by JP Morgan, UBS, Research Associates, and AI models upgraded EM equity 
allocations to 10%. Moreover, concerns about US real interest rates turning negative 
lead many firms to advocate for higher holdings of gold with expected returns up to 
18%, generating the highest risk-adjusted returns, hence allocations increased to 15%. 
 
<3> Broad consensus exists on maintaining a 20% allocation to alternatives in 2026, 
although the reasoning is different: the bullish cluster is further increasing shares of 
private equity and private credit to combined 15% versus 5% in hedge funds and real 
assets, whereas the bearish cluster has the opposite argument and reverse shares. AI 
models estimate 12% returns from an alternatives bucket plus diversification benefits. 
 
<4> Caution reigns across the fixed income forecasts, which emphasize the risk of 
FED decisions becoming politicized, fiscal deficits increasing further, and tariffs 
adding to inflation risks. Most forecasters keep duration low, and also scale back 
credit risk from HY bonds, given rising levels of defaults. AI models suggest a higher 
strategic liquidity buffer of 5% to position for expected rising volatility in 2026. 
 
<5> Given the consensus allocations and the consensus forecasts for each asset class, 
expected 2026 portfolio returns average around 9% in nominal or 6% in real terms, 
which would represent respectable but below-average market returns, while volatility 
is expected to increase. AI models then calculate a probabilistic downside portfolio, 
driven by hundreds of weighted risk factors and scenarios, with returns shown in red 
(chart 2) for the expected downside, which would average about 11% portfolio losses. 
However, gold is expected to generate positive returns in most downside scenarios.  
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Finally, we endeavor to use AI models to spell out major global risk factors for 2026. 
Ten leading LLMs were asked to identify ten potential global risks and assign relative 
probabilities to them. As expected, there was a large divergence, especially on those 
risks that would represent regime changes, that lack historic data or face illiquidity, 
or that involve judgement on geopolitical risks. Models identified at least one major 
risk in three areas --- US valuations, US policies, as well as geopolitics (see chart 3). 
Probabilities represent normalized relative risk weights derived from cross-model 
emphasis patterns rather than statistically calibrated event probabilities. They should 
be interpreted as indicators of consensus and divergence, not predictive likelihoods. 
 
<A> US bubbles deflating: 40% probability of event risk and equity downside -30% 
Most models identify the AI bubble as major risk, as AI-related stocks account for 75% 
of SPX returns, 80% of earnings growth, and 90% of capital spending, while valuations 
exceed dot-com peaks and circular financing adds vulnerabilities. Several models see 
the private credit boom in its final inning, with default rates rising ahead of a $500bn 
maturity wall in 2026. The IMF states that vulnerabilities could become systemic given 
the opaque linkages: private equity firms invest into private credit, then place their 
funds into subsidiary insurance companies (Apollo, KKR, Ares, Carlyle, Blackstone all 
own insurers) while banks hold $320 bn in credit lines to private credit funds. AI 
models are partially blind given the lack of data and truncated default history, plus 
non-transparent circular relationships and off-balance sheet leverage. 
 

<B> US policy mistakes: 40% probability and equity downside -20% 
All models point to the high risk of escalating trade conflicts, which are hard to model 
given legal uncertainty and complicated retaliatory dynamics. Effective US tariff rates 
are already 14% (highest since 1935), the USMCA could be canceled in January, and 
about 60% of tariffs get passed through to consumers that can push CPI inflation well 
above 3%. Regulatory capture risk is rising with political pressure on the FED to lower 
interest rates that could lead to financial repression, as in 1970s. This in turn could 
trigger capital flight and further dollar debasement. However, AI models are often 
struggling to model binary events without historical precedent for regulatory capture. 
 

<C> Geopolitical escalation: 20% probability of armed conflict, equity downside -40% 
All models point to rising geopolitical risks ranging from Russia to Iran to North Korea 
and especially Taiwan, which includes scenarios ranging from quarantine to blockade 
to invasion. Taiwan still produces 80% of advanced chips globally and plans to hold 
local elections in 2026. Even slowly rising tensions could result in increasing global 
fragmentation into blocks and spheres of influence, with hybrid cyberwarfare and 
rising supply disruptions, creating major market downside risks. AI models remain 
structurally weak to model geopolitical risk, and some expose heavy political bias. 
 
At least one of these major risks is likely to materialize in 2026, if correlations of 
0.5 across the three categories are correctly estimated. However, some Chinese 
models (DeepSeek, Qwen, Kimi) systematically ignore Taiwan risks and amplify US 
political risks, while some US models (Grok) exaggerate China risks. The three major 
AI models (ChatGPT, Gemini, Claude) all downplay AI bubble risks given commercial 
conflicts, where risk probabilities could be twice of the stated levels. European 
Mistral AI models and Perplexity are more balanced with stronger ethical grounding. 
We do require an emphasis on the human pilot to avoid AI engine failures in 2026. 
 

http://www.emleaders.com/pdf/EML-AI.pdf 
  

http://www.emleaders.com/pdf/EML-AI.pdf
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Chart 1: 

 
 

Chart 2: 

 
 

Chart 3: 

 
 

Note: probabilities and risk weights represent normalized relative emphasis across ten large language models and should not be interpreted as 
statistically calibrated event probabilities. Outputs reflect scenario synthesis and comparative risk assessments rather than predictive forecasts. 


